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Multi-Task Multi-Scale Deep Learning
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multi-scale conv layers :
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Models ASD MDD

ACC | SEN | SPE | PPV | NPV | ACC | SEN | SPE | PPV | NPV
EigenFace+SVM 61.7 | 56.7162.5|66.7| 60.8 |63.3|60.8|648|71.7|61.7
FisherFace+LDA 69.2 | 58.7 |84.1|79.1 | 75.1 | 68.3|62.6|78.5|79.8 | 69.5
ResNet-101 85.8 | 804 [87.3|87.0| 83.3 | 83.3 | 81.8|823|86.1]|81.3
Multi-Scale ResNet | 87.5 | 824 [91.3 | 87.5| 87.5 | 85.8 | 86.4 | 83.3| 87.7 | 83.6
Multi-Task ResNet | 88.3 | 88.2 | 88.4 | 87.9( 91.0 | 86.7 | 89.4 83.3-|,_._86_8r5i§f;j;5
Full CNN Model 90.0 [ 84.3 |194.2(91.5| 89.0 | 89.2 | 924 BS.Z'FSS{T 302
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Frame sequences,

Optical flow maps
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Model ACC AUC
[30] (visual+verbal) 75.20 -
[31] (visual+verbal) 711 -
[16] (visual+acoustic+verbal) 78.95 -

[8] (visual+acoustic+verbal) 96.42 -
[42] (visual+acoustic+verbal) = 02.21
[19] (visual+acoustic+verbal) 06.14 97.99
Ours (visual) 93.16 06.71
Ours (visual+acoustic+verbal) 97.00 N9 755
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